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Abstract — Digital teaching resources have the
potential to trigger and sustain student interest,
thereby benefiting learning processes and outcomes.
This study provides empirical evidence on the
differential impact of Emotional and Cognitive
Interest, both influenced by digital teaching resources,
on academic performance in first-cycle versus
intermediate-cycle university students. Following a
guantitative approach, the research utilized a non-
experimental, correlational-exploratory, and
comparative design with a non-probabilistic purposive
sample and a cross-sectional data collection. Structural
relationships were examined through a structural
equation model (SEM) using robust WLSMV
estimation, yielding excellent fit indices (RMSEA =
0.020, SRMR = 0.059, CFI = 0.991, TLI = 0.989).
Results showed that Cognitive Interest positively and
significantly predicts final course grades (B = 0.512, p <
0.001), while Emotional Interest levels reported by
students were higher on average. These findings
highlight the importance of distinguishing between
emotional and cognitive components of academic
interest to better support student achievement across
educational stages.

DOI: 10.18421/TEM152-55
https://doi.org/10.18421/TEM152-55

Corresponding author: J. Jesus Arellano Pimentel,
Campus Tehuantepec, Universidad del Istmo, Sto. Dom.
Tehuantepec, México

Email: jjap@sandunga.unistmo.edu.mx

Received: 13 July 2025.
Revised: 28 January 2026.
Accepted: 02 February 2026.
Published: 27 May 2026.

© 2026 J. Jesus Arellano Pimentel et al.;
published by UIKTEN. This work is licensed under the
Creative Commons Attribution-NonCommercial-NoDerivs
4.0 License.

The article is published with Open Access at

https://www.temjournal.com/

1610

materials,
university

Keywords - Digital instructional
Emotional Interest, Cognitive Interest,
students, formal education.

1. Introduction

In the realm of formal university education, the
confinement brought about by the COVID-19
pandemic had numerous repercussions, among which
the integration of new elements into teaching and
learning processes stands out [1]. Digital tools such
as learning management systems (LMS),
videoconferencing platforms, and cloud storage
services, among others, became essential for ensuring
the continuity of educational activities [2], [3], [4],
[5]. In the post-pandemic era, many of these digital
resources have remained in use in higher education,
benefiting both students and faculty members [5],
[6], [7], [8]. It is now common for university
instructors to incorporate a variety of didactic
materials hosted on LMS platforms, thereby
reshaping the dynamics of face-to-face teaching
practices.

For some time now, educators at all levels have
had access to a wide range of digital teaching
resources for classroom integration [9], particularly
in disciplines that are closely linked to digital
technologies. Didactic resources serve as tools to
facilitate learning, with digital didactic resources
specifically enabling or enhancing the assimilation of
new knowledge through digital platforms [10]. These
resources are characterized by their interactive
design, which fosters greater learner autonomy [11].
Furthermore, as noted by [12], the use of diverse
digital teaching tools can enrich the learning
experience when aligned with student-centered
pedagogical strategies. Such integration allows for
the diversification of instructional methods, promotes
active learning, and supports adaptation to students’
varying learning styles and paces [13], [14].
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Digital didactic resources have the potential to
spark and sustain academic interest in the subject
matter being taught or learned. This interest is
understood as a psychological state in which
attention is directed toward a specific object or
activity [15]. When such interest is sustained or
heightened during learning tasks, the likelihood of
student engagement and academic achievement
increases accordingly [16]. As [17] affirm, “interest
has repeatedly been shown to benefit learning
processes and outcomes.” Interest is therefore
recognized as a key motivational factor in learning,
involving both cognitive and affective dimensions
[18].

According to [15], a reliable way to measure
academic interest is through questionnaires, which
are commonly used across various fields related to
educational processes. However, it is important to
note that other methods also exist for assessing levels
of interest, such as the use of biometric data obtained
through wearable devices like data acquisition
bracelets [18]. Nevertheless, the cost and limited
accessibility of such devices pose constraints,
making questionnaires the most widely applicable
option. One such instrument is the questionnaire
proposed by [19], who suggests that interest can be
triggered under certain conditions, for instance,
through interaction with didactic materials in a
specific learning environment, and may therefore
emerge as a shared response among individuals
exposed to the same stimuli. Two types of interest
are distinguished in [19]: (1) Emotional interest,
which may be elicited by novel or engaging didactic
materials, and (2) Cognitive interest, which arises
when the explanation of content is sufficiently clear
to influence learners’ cognitive processing.

The questionnaire proposed by [19] was
employed in [20] to examine whether face-to-face
and hybrid modalities in an introductory university
communication course differed in terms of the
interest generated, student engagement, and empathy.
They concluded that modality did not significantly
impact perceived interest; however, they did report
higher cognitive interest scores among students in the
hybrid modality. This was attributed to the possibility
that students felt more confident in their retention
due to access to video resources on demand. In [21],
a subset of the instrument described in [19] was used
to examine the influence of adoption, ease of use,
and instructors’  experience  with artificial
intelligence, along with the moderating role of
student interest, on teaching effectiveness in
Vietnamese universities. His findings suggest that
fostering student interest enhances teaching
effectiveness by motivating learners to participate
more actively in educational activities.
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Similarly, [22] analyzed factors influencing
undergraduate academic performance, including
student interest, perceived self-efficacy, and learning
behaviors. Interest, as measured using the instrument
described in [19], was found to positively affect
GPA, although the effect was not strongly
significant.

Based on the literature review, the present study is
grounded in the premise that academic interest is
influenced by digital didactic resources [15], [19],
and that the level of academic interest, in turn, affects
college students’ learning and academic performance
[18], [20], [21], [22]. Accordingly, the aim of this
research is to provide empirical evidence on the
differential impact of emotional and cognitive
interest, both shaped by digital didactic resources, on
the academic performance of undergraduate students
at different stages of their programs. Findings from
this type of study contribute to a deeper
understanding of the combined role of emotional and
cognitive dimensions of interest in educational
contexts. Moreover, by distinguishing between
different academic levels, such research can yield
relevant insights for adopting or designing
differentiated support strategies tailored to students’
educational stages, in which digital didactic
resources play a prominent role.

2. Methodology

This section describes the methodological
framework of the study, including the research
design, the study context and participants, and the
data collection instrument.

2.1. Research Design

This study aims to analyze academic interest
through a standardized questionnaire and its
relationship with students’ final course grades.
Employing inferential statistical analysis, the
research is situated within a quantitative approach
[23]. The design is non-experimental, correlational-
exploratory, and comparative, as it seeks both to
examine the relationships between latent dimensions
of academic interest and academic achievement, and
to compare these variables between first-cycle and
intermediate-cycle students. For group comparisons,
the Mann-Whitney U test was applied when the
normality assumption was violated but homogeneity
of variances was maintained. The study utilized a
non-probabilistic, purposive sampling method [24],
with data collected at a single point in time, thereby
classifying it as a cross-sectional study. To explore
structural relationships among latent variables, a
structural equation model (SEM) with robust
weighted least squares mean and variance adjusted
(WLSMV) estimation was implemented, enabling
empirical validation of the proposed theoretical
model.
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2.2. Context and Participants

Sixty-one out of a total of 64 students enrolled in
the Computer Engineering program at a public
university in Mexico participated in the study.
Approximately 70% (43/61) of the participants were
first-cycle students attending the  Structured
Programming course, while the remaining 30%
(18/61) were intermediate-cycle students enrolled in
the Compilers course. It is important to note that both
groups were taught by the same instructor and
utilized Moodle (MilAulas) as a learning
management system to support face-to-face
instruction. Various digital teaching resources were
made available to students through this platform,
including PDF-format slides, teacher-created videos,
links to specialized websites, sample code, laboratory
exercises, and interactive activities developed using
H5P.

Consequently, it is assumed that both groups
shared relevant contextual characteristics throughout
the 2024-2025A academic period.

2.3. Data Collection Instrument

The instrument used was an adaptation of the
Spanish version translated and validated in [25]
based on the questionnaire reported in [19], known as
the Escala de Interés en Estudiantes Universitarios
(Interest Scale in University Students). Both the
original instrument and its Spanish translation consist
of 16 items divided into two subscales: nine items
measuring Emotional Interest and seven items
measuring  Cognitive Interest. Responses are
recorded on a 5-point Likert scale ranging from 1
(strongly disagree) to 5 (strongly agree). Table 1
presents the original items of the subscales, as
reported in [19].

Table 1. Subscales and items of the interest scale in university students

Subscale Id. Item Item
IEm1 | feel enthused about being in class.
IEm2 The class makes me feel excited.
IEm3 The class causes me to feel energized.
IEm4 The topics covered in the course fascinate me.
Emotional Interest IEm5 Being in the class is enjoyable.
IEm6 The class experience makes me feel good.
IEm7 The material fascinates me.
IEm8 I like the things we cover in class.
IEm9 The class experience feels very positive.
ICo10 I can remember the course material.
ICol1 | feel like | am learning topics covered in the course.
ICo12 I can understand the flow of ideas.
.. ICo13 I understand the course material.
Cognitive Interest - - - - -
ICold The information covered in the course is making me more
knowledgeable.
ICo15 The information in the course is useful.
ICo16 I realize what is expected of me.

It is important to note that, for the purposes of this
study, an adaptation was made to the Spanish version
of [25]. Specifically, the generic term “this class”
was replaced with the name of the course being
taken. For first-cycle students, it was replaced with
“the Structured Programming class,” while for
intermediate-cycle students, it was replaced with “the
Compilers class.” The adapted instrument was
administered once to both groups via Google Forms.

3. Results

Data processing for most of the analyses was
conducted using Jamovi software version 2.4.11.0
[26]. The dataset included participant responses to all
questionnaire items, classification by training cycle,
and each participant’s final course grade.
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To improve the fit indices of the confirmatory
factor analysis (CFA), items IEm9, 1C015, and 1Co16
were removed. Consequently, all subsequent
analyses and reported results are based on the
remaining 13 items of the instrument. Additionally,
R wversion 4.5.0, along with the lavaan 0.6-19
package, was employed to construct and analyze the
structural equation model (SEM).

3.1. Internal Consistency of the Instrument and Mean
Scale Values

To assess the internal consistency of the
instrument, Cronbach’s Alpha and McDonald’s
Omega coefficients were calculated, yielding values
of 0.939 and 0.942 respectively. These results
indicate excellent reliability [27], [28].
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Table 2 presents the internal consistency analysis
for each subscale as well as for the entire instrument.
It is noteworthy that, in all cases, the mean scores
exceed the midpoint of the scale (i.e., greater than 3).
Moreover, the mean score for Emotional Interest was
higher than that of Cognitive Interest. Both subscales
demonstrated excellent reliability according to their
respective Cronbach’s Alpha and McDonald’s
Omega indices.

Table 2. Reliability of the student interest scale and
baseline statistics per item (n=61)

3.2. Confirmatory Factor Analysis (CFA)

The Confirmatory Factor Analysis was conducted
using the maximum likelihood estimator to evaluate
the structural validity of the bifactor model
comprising Emotional Interest and Cognitive
Interest. Given the small sample size (N = 61), only
the Comparative Fit Index (CFIl) and Standardized
Root Mean Square Residual (SRMR) were reported,
as the Root Mean Square Error of Approximation
(RMSEA) tends to overestimate fit error in samples
smaller than 100 [29]. Table 3 presents the factor

Subscale | Med. | SD. p Q 1d. 1tem loadings, where items within the Emotional Interest
IEm1 | subscale ranged from 0.734 to 0.930, and items
IEm2 within the Cognitive Interest subscale ranged from
IEm3 0.626 to 0.893. According to [30], factor loadings
Emotional IEm4 above 0.7 are considered strong; thus, except for item
Interest 4.19 | 07471 0.942 | 0.944 IEm5 ICo14, all items demonstrated strong associations
IEm6 with their respective latent constructs. The
IEm7 standardized correlation between the two factors was
IEm8 0.636 (p < .001), indicating a moderate to strong
1Co10 relationship that supports the bifactor structure.
Cognitive IColl | Model fit indices yielded a CFI of 0.913 and an
interest | <90 | 0859 1 0.901 | 0.905 | 1ColZ | SRMR of 0.0603, which, according to [31], indicate
IC013 | an acceptable model fit.
1Col14
. Total 4.08 | 0.712 | 0.939 | 0.942
Instrument
Table 3. Factor loadings of CFA items (N=61)
Subscale Ind. EE Z p Std. Estimator
IEm1 0.0850 8.52 <.001 0.870
IEm2 0.0806 9.53 <.001 0.930
IEm3 0.0903 8.79 <.001 0.887
Emotional Interest IEm4 0.0879 7.81 <.001 0.825
IEm5 0.0934 6.59 <.001 0.734
IEm6 0.1030 7.39 <.001 0.795
IEm7 0.0962 6.84 <.001 0.755
IEm8 0.1054 6.98 <.001 0.765
1C010 0.1206 7.53 <.001 0.812
1Coll 0.1077 7.82 <.001 0.832
Cognitive Interest ICo12 0.0988 8.45 <.001 0.874
1C013 0.0970 8.77 <.001 0.893
1Col14 0.1166 5.28 <.001 0.626

3.3. Structural Equation Modeling (SEM)

To explore the structural relationships, a structural
equation model (SEM) was specified, comprising
two latent factors, Emotional Interest and Cognitive
Interest, that jointly explain the variance in the
observed variable, academic performance,
operationalized as the final course grade (Calif). The
analysis was conducted using R version 4.5.0 and the
lavaan 0.6-19 package [32], applying a WLSMV
estimator, which is appropriate for Likert-type items
and small sample sizes without assuming normality
[33].
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The model demonstrated an adequate fit, as
indicated by a non-significant chi-square test (32 p =
0.420) [34]. Additional fit indices included RMSEA
= 0.020 and SRMR = 0.059, both below conventional
cutoffs of 0.05 and 0.08, respectively, reflecting an
excellent and robust fit [31], [35]. Furthermore, the
Comparative Fit Index (CFI = 0.991) and Tucker-
Lewis Index (TLI = 0.989) both exceeded the
recommended threshold of 0.95, corroborating the
excellent fit of the model [31].
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Figure 1 presents the structural equation model
diagram, generated in RStudio using the semPlot
package, illustrating the relationships between
constructs as well as the standardized factor loadings,
which indicate the contribution of each item to its
respective construct. The standardized factor
loadings for Cognitive Interest range from 0.68 to
0.89, while those for Emotional Interest range from
0.71 to 0.90, demonstrating a strong association
between the items and their underlying factors in
both subscales.

The two constructs are positively correlated with
a coefficient of 0.66. Notably, Cognitive Interest
exhibits a positive effect on the final grade, with a
standardized coefficient of 0.53, whereas Emotional
Interest shows a negative effect with a coefficient of
-0.28. The implications of these findings will be
discussed in the subsequent Discussion and
Conclusions sections.

IEm1 [Em2 IEm3 IEm4 IEm5

IEm8 1Co10 ICo11 ICo12 ICo13 ICo14

IEm6 IEm7
- X . 0.71 0.87_0.77 0.74

T
|
984079 0.89

0.82 0.68

Calif

T 5

0.85

Figure 1. Structural Equation Model (SEM) diagram

3.4. Comparison Between Initial and Intermediate
Cycles
Using Jamovi software, comparisons were

conducted between initial cycle students (enrolled in
the  Structured  Programming  course) and
intermediate cycle students (enrolled in the
Compilers course) employing the Mann-Whitney U
test, due to the violation of normality assumptions
and the small sample size in the intermediate cycle
group (n = 18). Additionally, a student’s t-test for
paired samples was performed to assess whether
significant differences exist in the levels of
Emotional Interest and Cognitive Interest within each
student.
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3.4.1. Mann-Whitney U Test for Interest Scale Levels

The Shapiro-Wilk test indicated a violation of the
normality assumption (W = 0.905, p < 0.001).
However, Levene’s test for homogeneity of variances
was not significant (F = 1.56, p = 0.217), indicating
that this assumption was met. The Mann-Whitney U
test revealed a significant difference between groups,
with a U statistic of 222, a mean difference of -0.625,
p = 0.008, and an effect size of 0.428, representing a
moderate effect. Specifically, the initial cycle group
(1stC-Prog) showed a higher mean Emotional
Interest score (M = 4.33) compared to the
intermediate cycle group (5thC-Comp), which had a
mean of 3.85, as illustrated in Figure 2.
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Figure 2. Comparison between the initial cycle (1stC-
Prog) vs intermediate cycle (5thC-Comp) regarding
Emotional Interest

3.4.2. Mann-Whitney U Test for Cognitive Interest
Levels

The Shapiro-Wilk test showed that the normality
assumption was violated (W = 0.935, p = 0.003).
However, Levene’s test indicated that the assumption
of homogeneity of variances was met (F = 0.0076, p
= 0.931). The Mann-Whitney U test yielded a U
statistic of 314, a mean difference of -0.200, and a p-
value of 0.246. These results indicate that there are
no statistically significant differences between the
two groups in terms of average Cognitive Interest.
The initial cycle group (1stC-Prog) had a mean score
of 4.00, while the intermediate cycle group (5thC-
Comp) had a mean score of 3.80.

3.4.3. Mann-Whitney U Test for Overall Interest Scale
Level

The Shapiro-Wilk test indicated a violation of the
normality assumption (W = 0.947, p = 0.011), while
Levene’s test for homogeneity of variances was not
significant (F = 0.462, p = 0.499), confirming that
this assumption was satisfied. The Mann-Whitney U
test yielded a U statistic of 252, a mean difference of
-0.387, p = 0.033, and an effect size of 0.350, which
corresponds to a moderate effect. These results
indicate statistically significant differences between
the two groups, with the initial cycle students (1stC-
Prog) reporting a higher average score on the overall
Interest Scale (M = 4.15) compared to intermediate
cycle students (5thC-Comp), who had a mean of
3.79, as shown in Figure 3.
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Figure 3. Comparison between initial cycle (1stC-Prog)
vs intermediate cycle (5thC-Comp) with respect to
Emotional Interest

3.4.4. Mann-Whitney U Test for Final Grade

The Shapiro-Wilk test indicated a violation of the
normality assumption (W = 0.956, p = 0.027).
However, Levene’s test for homogeneity of variances
was not significant (F = 0.824, p = 0.358), suggesting
that this assumption was met. The Mann-Whitney U
test yielded a U statistic of 218, a mean difference of
1.10, p = 0.008, and an effect size of -0.438,
indicating a moderate effect. These results reveal
statistically significant differences between the two
groups, with the intermediate cycle students (5thC-
Comp) achieving a higher average final grade (M =
7.85) compared to the initial cycle students (1stC-
Prog), whose mean grade was 6.60, as illustrated in
Figure 4.
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Figure 4. Comparison between initial cycle (1stC-Prog)

vs intermediate cycle (5thC-Comp) with respect to the
final grade
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3.4.5. Student’s t-Test for Paired Samples: Emotional
Interest vs Cognitive Interest

The Shapiro-Wilk test yielded W = 0.956 with p =
0.027, confirming that the assumption of normality
for the differences between paired samples is met.
The paired-samples t-test indicated a statistically
significant difference between Emotional Interest and
Cognitive Interest, with a t value of 3.12, a mean
difference of 0.286, p = 0.003, and an effect size
(Cohen’s d) of 0.399, which corresponds to a
moderate effect. These results suggest that, on
average, students reported significantly higher levels
of Emotional Interest (M = 4.19) compared to
Cognitive Interest (M = 3.90), as depicted in Figure
5.

4.4 4 )
4.2 4
O -
| 1 © Media (IC 95%)
4.0 - o Mediana
C
3.8 4

PrlEm PriCo

Figure 5. Emotional vs Cognitive Interest comparison
4. Discussion

The internal consistency of the instrument, as
measured by Cronbach’s alpha and McDonald’s
omega for the overall scale, was o = 0.939 and Q =
0.942. These values are slightly lower than those
reported in both the Spanish adaptation and the
original version of the scale, which were a = 0.962
and Q =0.961 in [25], and a = 0.96 and Q = 0.97 in
[19]. Nevertheless, the internal consistency obtained
for the overall scale in this study is still considered
excellent. A similar pattern was observed in the
reliability by subscale, with values of a = 0.942 and
Q = 0.944 for Emotional Interest, and o = 0.901 and
Q = 0.905 for Cognitive Interest. It is worth noting
that in both [25] and [19], the internal consistency
indices for Emotional Interest are also slightly higher
than those for Cognitive Interest, a pattern consistent
with other studies using the scale [20].

Regarding the factorial structure of the scale,
despite the relatively small sample size of 61
students, the fit indices of the bifactor model, CFI =
0.913 and SRMR = 0.0603, provide evidence of an
acceptable model fit [31].
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These results are consistent with those reported in
the main reference scale used for this study [25].
However, due to the limited sample size, the factor
loadings obtained, while statistically significant,
showed slight variation in range: from 0.734 to 0.930
for Emotional Interest items and from 0.626 to 0.893
for Cognitive Interest items. In comparison, ranges
from 0.81 to 0.90 were reported in [25] for
Emotional Interest and from 0.70 to 0.85 for
Cognitive Interest. It is also noteworthy that in the
present study, the correlation between the two factors
was r = 0.636, p < 0.001, which is lower than the r =
0.83 reported by [25]. This lower correlation offers
additional empirical support for the bifactor structure
of the Interest Scale in College Students, where
interest comprises both cognitive and affective
components [18].

Regarding the level of the scale perceived by the
students, this study obtained means of 4.19 and 3.90
for Emotional Interest and Cognitive Interest,
respectively. In contrast, a similar level of Cognitive
Interest in the face-to-face modality (3.94) was
reported in [20]; however, their Emotional Interest
level of 3.08 differs by more than one point on the
scale, which is likely due to their study involving
students from all educational cycles.

In two other related studies, only one of the two
dimensions of the scale was considered. For
example, in [21], only the Emotional Interest
subscale, along with other latent variables, was used
in a SEM model to analyze its influence on Al
adoption. The standardized factor loadings of the
items for this subscale ranged from 0.651 to 0.844,
while in the present study the loadings for the same
subscale range from 0.71 to 0.90, indicating a
stronger contribution of each item to its construct.

Another example is reported in [22], where only
the Cognitive Interest subscale was used to identify
underlying variables associated with motivation for
learning. Using a hypothesis test with simultaneous
regression analysis, it was determined in [22] that
Cognitive Interest had a positive, though not
significant, effect on overall GPA. This contrasts
with the present study, possibly due to differences in
data analysis methods and, mainly, the context of the
research.

The results of the present study show that
Emotional Interest and Cognitive Interest are
differentially related to academic performance,
measured in terms of the final course grade. Using a
structural equation model, it was found that, contrary
to what was reported in [22], Cognitive Interest
positively and significantly predicts the final course
grade, with a standardized coefficient of § = 0.512
and p < 0.001. On the other hand, Emotional Interest
is negatively and significantly associated with the
final grade, with f =-0.283 and p = 0.023.

TEM Journal — Volume 15 / Number 2 / 2026.
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This finding aligns with previous studies that
highlight the role of interest as a factor benefiting
learning processes and outcomes [36].

The differential relationship between both
subscales may be due, in the specific context of this
study, to the initial emotional response triggered by
the novelty and variety of digital didactic resources
diminishing among first-cycle students, possibly due
to still undeveloped autonomous study strategies,
whereas intermediate-cycle students have already
developed more consistent autonomous learning
strategies.

5. Conclusion

Given the results obtained and the preceding
discussion, it is possible to establish several relevant
conclusions regarding the relationship between the
subscales or dimensions of the Interest Scale in
University Students and academic performance,
differentiated by educational cycle, within a context
of fully face-to-face schooling modality supported by
various digital teaching resources available through
Moodle (MilAulas).

Firstly, the comparative analyses between first-
cycle and intermediate-cycle students showed that
those newly entering the program exhibit higher
levels of Emotional Interest (4.33) compared to their
peers who are approximately halfway through the
program (3.85); nevertheless, their academic results
are significantly lower (6.60 vs 7.85). Conversely,
although no significant differences were found
regarding Cognitive Interest (4.19 vs 3.90), this
component had the greatest explanatory weight in the
structural equation model in relation to the final grade
(B = 0512 and p < 0.001 vs B = -0.283 and p =
0.023).

This finding encourages reflection on the
importance of not only stimulating Emotional Interest
through novel digital teaching resources but also
promoting Cognitive Interest by developing clear and
meaningful content explanations for students and
fostering stronger autonomous study strategies.

Additionally, it was found that, in general, students
exhibit a higher level of Emotional Interest than
Cognitive Interest (4.19 vs 3.90). This underscores
the importance of implementing instructional
strategies that enhance the development of Cognitive
Interest from the early stages of higher education.
Furthermore, since both groups shared homogeneous
conditions regarding teaching modality, instructor,
technological support, and teaching resources, it can
be cautiously assumed, given the sample size, that the
differences found are primarily due to the students’
stage in their educational trajectory rather than
external factors.
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This highlights the importance of considering the
educational cycle as a relevant variable in studies
related to learning and performance, as well as the
need for differentiated approaches according to the
educational pathway.

As part of the contributions of this study, it can be
mentioned that the findings provide empirical
evidence and advance the understanding of the joint
or differentiated role of Emotional Interest and
Cognitive Interest as essential constructs of the
Student Interest Scale, as well as their implications
for learning processes and outcomes. In this regard, it
is recommended to strengthen support in the use of
digital resources, especially during the initial cycles
of university education. This involves not only
providing these resources through digital platforms
for ubiquitous access but also actively guiding
students in autonomous study strategies, information
seeking, and time management. It is pertinent to
develop and integrate digital teaching resources
accompanied by active learning strategies that
promote Emotional Interest but also succeed in
fostering  Cognitive  Interest  throughout the
educational pathway.
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