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Abstract – The main goal of this article is to 
understand the potential learning applications based 
on AI technologies for health higher education 
students. We employed a Systematic Literature 
Review, contributing to explore to what extent AI 
technologies are currently influencing the Health 
learning processes in higher education and the skills 
developed during the learning path. The intent is to 
contribute to a more profound understanding of 
learning contexts, methodologies, technologies, and 
pedagogical processes with the application of AI 
technologies. The literature emphasizes that AI can be 
used to potentiate the learning process and the learning 
outcomes, especially in laboratory classes, and such 
contexts are still largely unstudied. To fulfil this gap, 
some practical applications based on AI technologies 
applied to health higher education studies were 
identified, highlighting AI's innovations and possible 
opportunities for health higher education.  
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1. Introduction

In recent years, Artificial intelligence (AI) has 
been gaining more and more interest both from 
academics as well as practitioners [1–3], leading to 
new approaches and funding opportunities. Concepts 
such as machine learning (ML), deep learning (DL), 
and others are nowadays commonly used terms. 

AI-based technologies have been improving the 
performance of the manufacturing and services 
sectors, while still keeping an enormous promise for 
future applications in several fields, with healthcare 
as a priority sector [4–6], affecting several medical 
disciplines including cardiology [7], pulmonary 
medicine [8], general surgery [9], endocrinology 
[10], radiology [11], gastroenterology [12], 
neurology [13], cancer diagnosis [14], and medical 
imaging [15]. This study presents a holistic literature 
review, namely, theoretical frameworks and practical 
experiences in the field of AI, especially related to 
health higher education. It reports the state-of-the-art 
on AI, in particular, and provides an extensive 
analysis of recent developments on AI and its 
possible educational applications, focusing on the 
healthcare sector. 

Two factors are motivating this research in AI. 
First of all, there is a call to give an overview of the 
concept and its possible applications to the new 
entrants into the AI field. Moreover, there is an 
increasing interest in AI by researchers from several 
disciplines and by companies, who are keener and 
keener on adopting AI-related solutions [4,16,17], 
given the added value already proved by AI 
applications [5,9,18–20].  

The first section of the paper presents a conceptual 
approach to AI. The following part offers a 
comprehensive review of the literature, while the 
final section is devoted to a potential model of 
application and insights for policies and future 
research avenues. 
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2. Artificial Intelligence Conceptualization and 
Technologies 
 

AI refers to devices’ or systems’ ability to think as 
human beings, having the power and skills to learn, 
perceive, and decide rationally and intelligently [21]. 
The technologies which can be associated with AI 
are Machine Learning (ML), Deep Learning (DL), 
Natural Language Processing (NLP), among others. 

ML refers to machines that learn from the data 
[22], reaching the outcomes in an autonomous way. 
ML allows building a mathematical model from data, 
leveraging on a significant number of variables that 
are not acknowledged in advance, providing data-
driven predictions. 

DL involves machines that use complex algorithms 
to imitate the neural network of the human brain and 
learn an area of knowledge with virtually no 
supervision [23]. 

NLP is connected to ML techniques to find 
patterns in big data sets (human-written sources), that 
recognize the natural language [24], [25]. Its use 
includes the analysis of customers' feelings with 
respect to some products or services, scouting posts 
on social media networks. 

Such analytical tools allow organizations to 
integrate analytical models into their business 
processes, supporting the design of business 
strategies and enhancing decision-making 
capabilities [26]. By applying advanced AI 
technologies such as ML and cognitive services 
against the data coming in from the manufacturing 
process, organizations get value-added insights into 
data. As a result, organizations can improve 
operational efficiencies, speed production, optimize 
equipment performance, minimize waste, and reduce 
maintenance costs [27]. Other Industry 4.0's 
technologies such as cloud computing, automation, 
the blockchain, additive manufacturing, immersive 
technologies, robotics, and Internet of Things (IoT), 
integrate AI, to foster intelligent systems/devices, 
high-performing factories, smarter ecosystems, 
leading to the creation of new business models [1], 
[28–30] in different fields, including healthcare and 
education.  
 
3. Artificial Intelligence Applied to Higher 

Education 
 

AI application to Higher Education (HE) has been 
studied by several authors [31–36], who focused on 
the contributions of AI mainly to improve learning 
opportunities for students and management systems. 
AI technologies can be used to ensure equitable and 
inclusive access to education. AI provides 
opportunities for people with disabilities, refugees, 
and those living in isolated communities to access 

appropriate learning paths. The use of holograms and 
robotics allow students with special needs to attend 
schools at home or from the hospital or maintain 
continuity of learning in emergencies or crises, as 
during the pandemic situation caused by Covid-19 at 
the beginning of 2020 [37]. AI can help advance 
collaborative learning, personalization of tailored 
solutions to specific needs, smart contents, 
individualized solutions for people with disabilities 
(e.g., deaf or visually impaired), collaboration 
through intelligence tools, and exponential scalability 
(e.g. through MOOCs) [36], [38], [39]. One of the 
most revolutionary aspects of computer-supported 
collaborative learning is found in situations where 
learners are not physically in the same location. AI 
systems are used to monitor asynchronous discussion 
groups, thus affording teachers with information 
about learners’ discussions and support for guiding 
learners’ engagement and outcomes. AI can help 
personalize learning through algorithms, i.e. 
Intelligent Tutoring Systems are part of the new 
technological possibilities to expand educational 
learning [40]. Moreover, when considering the 
tremendous amount of time spent on grading tests 
and homework, AI can be an exceptional assessment 
tool, not only to grade multiple-choice tests but also 
to assess essays. At the same time, the need to 
deepen some topics and applications related to AI 
fosters new subjects and issues to be raised in class.  

The interest, use, and potential applications of AI 
in education are increasing, even following the 
constraints and social distancing measures coming 
from the Covid-19 pandemic [41]. While education 
can embrace several fields, interesting insights can 
come from the healthcare sector, which is one of the 
most promising fields for AI applications [42]. 
Therefore, our Research Question (RQ) is: 

 

RQ: Which are the main tentative applications for 
increasing the potential of AI in Health Higher 
Education Students learning processes?  
 
4. Methodology 

 
In this section, an overview of the research 

approach and methodology is presented for a better 
understanding of bibliometrics and bibliographic 
coupling analysis used for a systematic literature 
review. This research paper used VOSviewer 
[43],[44] as the selected methodology, being a 
sophisticated evidence-based platform that uses a 
reliable and structured method to perform the 
identification, analysis, and interpretation of co-
occurrence and co-authorship matrices, such as co-
citation, co-word, and co-link matrices. This paper 
also presents, during this section, the different studies 
performed for a better understanding of counting 
methods and network map analysis connected with 
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co-authorship, co-occurrence, citations, and 
bibliographic counting, in which appropriate 
statistical techniques were applied to each of these 
matrices, respectively [44].  

This study aims to offer a comprehensive and 
extensive systematic review of the literature with an 
advanced bibliometric data analysis from relevant 
keywords like Artificial Intelligence (AI) 
technologies, higher education, healthcare, and 
public health and learning contexts. 

Hence this research investigates how AI in health 
higher education can be perceived as a valid 
education alternative to some of the current 
education challenges in higher education with 
efficient utilisation of resources, ideal data storage, 
and new methods and procedures. 

In summary, this study consists of a deep 
understanding of a systematic quantitative literature 
review of academic articles indexed on the PubMed, 
Scopus, Google Scholar, and Microsoft Academic 
databases. For a useful network analysis based on co-
authorship, co-occurrences, and co-citation maps we 
perform several analyses in terms of association 
strength networks to create intuitive, understandable 
network graphs to multivariate analysis and authors, 
keywords, and citations network analysis. 

Co-occurrence matrices, such as co-citation, co-
word, and co-link matrices, provide us with useful 
data for mapping and understanding many data links 
and connection structures.  

The search terms were based on the research 
questions using synonyms and related terms. The 
following keywords were used to formulate the 
search string: a) Artificial Intelligence; b) Higher 
Education c) Students d) Healthcare. 

Our target population was all relevant papers in a 
higher education context with the application of AI in 
the Students learning processes. 

During the application of the correct search and 
identification criteria, the generic exclusion criteria 
were defined: a) published in non-peer-reviewed 
publication channels such as books, thesis or 
dissertations, tutorials, keynotes, and others. OR; b) 
Not available in English OR; c) A duplicate OR; d) 
published before 2000. The first two criteria were 
implemented in the search strings executed in 
PubMed, Scopus, Google Scholar, and Microsoft 
Academic libraries. As a result of the analysis, 171 
articles were selected. Figure 1 summarises the 
process followed in the selection criteria. 
 

 
 

Figure 1.  Research Design 
 

5. Articles Search and Selection Strategy 
 

The first criteria were based on the titles, content, 
abstract, language, year, and presented results of the 
papers, articles, or publications. These criteria were 
applied to the items that passed a generic exclusion 
criterion and were identified through the database 
search. 

Following the procedure presented, the papers 
were classified and qualified, in which for a profound 
understanding of all the results, we selected two 
types of analysis: (1) co-authorship, citations 
analysis, and (2) co-occurrence. 
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(1) This type of analysis presented the relatedness of 
all selected authors and co-authors and was 
determined based on their number of documents 
and networks of relationships. In this paper and 
terms of the advanced search criteria, the type of 
analysis selected for the co-authorship followed 
the unit of analysis of authors with a full 
counting method and applying a minimum 
number of documents of an author to one, 
whereof the 432 authors all met the selection 
criteria and threshold. For each of the 432 
authors from the 171 publications, the total 
strength of the co-authorship links with other 
authors was also calculated, and the authors with 
the greatest total link of strength were selected. 

(2) Co-occurrence analysis: the relationship and 
relatedness of all presented items have a primary 
determinant of the number of documents and all 
related search terms and keywords in which they 
occur together.  
 

In most of the presented analysis, the counting of 
the terms and keywords were presented as a full 
count and instead of fractional count analysis, where 
the full counting represents that each of the co-
authorship or co-occurrence link has the same 
weight.  

The advanced criteria were also related to the 
actual API data extraction from Microsoft Academic 
and PubMed platforms and uploaded into 
VOSViewer, in which some of the additional criteria 
for the data analysis were thoroughly applied. Some 
of those additional and final options were: (1) 
minimum occurrence of a keyword from the total of 
keywords; (2) total of the strength of the co-
occurrence with other keywords calculations 
following a pre-defined selection of the number of 
keywords to be selected for all of the presented 
analysis (3) weight of occurrences for effective data 
visualisation; (4) analysis and validation of all of the 
selected clusters of the selected items from the 
VOSViewer algorithm; (5) usage of default values in 
association with the normalisation for data layout 
visualisation (6) merging of small clusters for an easy 
to understand visualisation of all the presented 
figures in this paper. 

 

6. Results 
 

In this section, the findings of the systematic 
review process are presented. All the results had as 
the main basis the bibliometric indicators from the 
171 selected articles. As explained in the previous 
point, the whereof regarding the statistical analysis 
allowed us to understand better the results with 
concrete data and measurable indicators from the 
scientific network of all of the co-authorship analysis 
as well as of the co-occurrence analysis. 

 
 

6.1. Co-Authorship Data Analysis 
 

We based the data analysis on 171 selected 
documents that corresponded to all qualification and 
search criteria and we proceeded with the 
corresponding analysis on 432 authors with a total of 
133 clusters combined with the research parameters. 

In the analysis, the minimum number of documents 
for each author was two. Therefore, to proceed with 
the data visualisation graphs, we combined authors 
that had a certain level of linkage and connection that 
allowed us to understand the related graph maps and 
clustering. 

For the initial analysis and each of the 432 authors, 
the total strength of the co-authorship links with 
other authors was also calculated, where only the 
authors with the greatest total link strength were 
selected. The final number of authors selected was 
171 that demonstrated consistent link strengths. 

In terms of the counting methods we selected the 
full counting technique and we considered as valid 
the publications and research articles that had more 
than 25 authors per document, as it was a relevant 
selection criteria within VosViewer. 

 
6.2. Citation-Based Clustering of Publications 
 

To better understand the data points, we also 
performed additional analysis on clustering scientific 
publications as it represents an important technique 
in the bibliometric analysis. We perform cluster 
publications to analyze the resulting clustering 
solutions, and VosViewer was able to support our 
key questions related to the key research items to 
perform citation clustering analysis using the original 
171 articles selected from the already explained data 
sources and based on the pre-defined search terms. 
Then all the publications were clustered based on 
direct citation relations and citation relations between 
these publications, and the clusters to which the 
publications belong. The sources were selected based 
on the number of citations and the number of citation 
links that we were able to be included to better 
comply with the software algorithm and to offer a 
proper visualization from the selected documents 
with the largest number of links. 

The citation analysis used the unit of analysis of 
sources, with many two documents from the selected 
source (95 sources selected). 

We clustered the publications in our data set using 
the VosViewer clustering technique from our citation 
network of 171 publications. The choice of the most 
suitable level of detail is not a technical one but 
instead depends on the purpose of the cluster 
analysis, where we selected key 137 documents from 
the 171 total publications database and then even 
performed a more narrowed qualification of those 
documents to 65 mainly because of the total strength 
of the citation links with other sources and the related 
citation linkage levels. 
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6.3. Co-Occurrence of Terms and Keywords - Data 
Analysis 
 

Using VOSviewer and the selected keywords valid 
for the documents and items selection (Artificial 
Intelligence, Higher Education, Students, Health), we 
performed an analysis based on qualified co-
occurrence fields of study as a key unit for analysis. 
The below visualizations show 91 terms that met the 
VosViewer threshold in terms of the total strength of 
the co-occurrence links with other keywords.  

The strongest co-occurrence relations between 
terms are then visible in the following figures and 
mainly as key concepts like the terms occurrence 
relationship and relatedness, in which from of all 
presented items and selection have the main 
determination of the number of documents and all 
related search terms and keywords in which they 
occur together.  

The size of a term reflects the number of 
publications in which that specific term was found, 
and the distance between two terms offers an 
approximate indication of the relatedness of the 
terms. Hence the relatedness of terms was therefore 
determined based on co-occurrences, to what the 
larger the number of publications were defined, and 
the graphs shows the strongest relationship between 
the terms. For a better interpretation of the graphs, it 
is also important to clarify that all colors represent 
groups of terms that are relatively strongly related to 
each other. In the visualization, the strongest 
relations between terms are also indicated using 
curved lines. 

 

 
 

Figure 2. Co-occurrences visualization from the most 
relevant clusters 

 

7. Learning Applications for Health Students 
Based on Artificial Intelligence 

 
The learning application proposal is based on the 

results of the analysis, as shown in the previous 
Figure 2.  

One first cluster refers more to competencies 
related to information technologies (the red dots and 
networks). Such cluster includes topics related to the 
world wide web, technologies, automation, robotics, 
among others, and highlights the importance of AI-
related technologies for healthcare. Medical students 
and young researchers should gain competencies 
related to such subjects, although they have been 
considered far from healthcare disciplines up to now. 
Indeed, most of such skills are not included in 
medical curricula. The role of medical professionals 
is changing, becoming more technical and devoted to 
the analysis of healthcare data. Often, clinicians are 
overload with data and do not know how to make 
proper use of them [45]. One of the responsibilities 
of health professionals is to ensure that the right 
information is given to the right person, who should 
use it to increase the quality of the healthcare service 
provided to the patient [46]. Moreover, the 
importance of multidisciplinarity is gaining more 
interest in medical education, following the example 
of some disciplines like oncology [47,48]. Examples 
are the establishment of blended medical CV, like 
hybrid physicians, who merges competencies like 
information technology, engineering, and medicine 
[49]. Besides technical education, future MDs and 
other caregivers (like nurses or technicians)  have to 
be ready to work in multidisciplinary and diverse 
teams [50], employing knowledge translation 
mechanisms to support the full implementation of 
AI-based solutions and software.  

One second cluster includes topics related to big 
data and social media analysis (the purple dots and 
networks). Although this cluster looks smaller, in 
terms of relevance, than the others, it may offer 
fascinating new insights for medical education. There 
is a considerable debate going on about the relevance 
of social media to support medical disciplines, 
especially when it comes to the sharing of clinical 
news and advice for public health purposes [51]. The 
recent Covid-19 pandemic has proven the relevance 
of the sharing of correct scientific information about 
the pandemic, the recommended behaviours, and the 
possible outcomes. Social media networks and big 
data analytics play today a relevant role in several 
medical processes, including co-production of 
medical services and prevention. AI-related 
technologies like NLP can support these processes; 
therefore, they should be included in health higher 
education. AI systems may, for instance, support 
traditional syllabuses to create customized contents 
for different subjects, to help students to achieve the 
expected academic grades. 
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The third cluster, the blue one, is related to medical 
and clinical e-health. Telemedicine has been defined 
as the use of electronic information and 
communication technologies to provide healthcare 
services at a distance [52]. Although the topics of 
telemedicine or telehealth are not new, the recent 
COVID-19 pandemic has fostered an unprecedented 
request for remote care delivery because of the 
social-distancing requirements [52–54]. 
Telemedicine experiences have already proved to be 
successful along with a variety of medical 
specialities, including radiology, psychiatry, 
dermatology, cardiology [52], oncology, and internal 
medicine [52]. Telemedicine allows easier access to 
care, enhanced resource efficiency and fewer costs 
than the traditional in-person hospital or ambulatory 
visits [52]. AI solutions can support the development 
of telehealth, by improving quality and supporting 
practitioners while offering new resources, escalate 
and potentiate the benefits, enhance equity-related 
issues including triage [55], determining priorities, 
and tailoring resources. Therefore, such a topic looks 
particularly promising in higher medical education.  

The fourth cluster, the yellow one, is related to 
business and health informatics. AI-related 
technologies can support clinical decision-making 
processes [3], [56] and boost the competitive 
advantage of healthcare organisations, through the 
development of the knowledge economy. Again, the 
multidisciplinarity of the healthcare sector [57] and 
the presence of an open healthcare ecosystem [58] 
call for a broader perspective, in which several 
stakeholders need to work together to ensure the 
clinical outcomes. Such a view offers new 
educational opportunities for health workers. As an 
example, AI and Industry 4.0-based solutions may 
support both clinicians as well as patients in deciding 
about possible treatment options, boosting shared-
decision making [59], [60] and co-production 
processes. 

Last but not least, one cluster (the green one) is 
devoted to ethics and sociology. The use of AI and 
the other Industry 4.0 technologies may sometimes 
bring some ethical concerns [45], despite their value 
in disrupting business processes [61]. Several 
problems arise, for instance, when it comes to 
privacy and the use of data [62–64]. Moreover, 
different rules are applied in different countries [45]. 
Such concerns may be particularly relevant in 
medicine and healthcare, including issues related, for 
instance, to informed consent and how its content is 
communicated to patients [65]. Therefore, there is a 
call to address such open questions, and this involves 
health students as well, opening thus to new 
educational opportunity. 

The following Table 1 summarises the main 
educational areas identified, the main topics, and the 
possible learning applications and competencies.  
 
 

Table 1.  A learning model for Health Students 
 

A
re

a 
of

 
ex

p
er

ti
se

 

Main topics 
Possible learning 
applications and 

competencies 

In
fo

rm
at

io
n 

te
ch

no
lo

gi
es

 

Cloud computing, 
robotics, 
automation, 
machine learning, 
deep learning, 
world wide web, 
software, 
multimedia 

Use of AI to create 
blended or hybrid 
medical curricula 
 
Multidisciplinary 
education 

B
ig

 d
at

a 
an

d 
so

ci
al

 
m

ed
ia

 Social media, 
public health, 
prevention 

Use of AI and NLP to 
scout social media 
networks and use 
them to share 
meaningful medical 
news and advice, 
especially for public 
health purposes. 

M
ed

ic
al

 a
nd

 
cl

in
ic

al
 e

-
he

al
th

 Telemedicine, 
telehealth, data 
integration 

Use of AI to support 
telehealth 
applications 

B
us

in
es

s 
an

d 
he

al
th

 
in

fo
rm

at
ic

s 

Business and 
management, 
support system, 
decision making, 
knowledge 
economy 

Use of AI to support 
clinical and shared 
decision-making 

E
th

ic
s 

an
d 

so
ci

ol
og

y Sociology, norm, 
internet privacy, 
ethics, 
accreditation 

Impacts and ethical 
concerns arising from 
the use of AI and 
Industry 4.0 solutions. 

 
8. Discussions and Conclusions  

 

The present study has identified the main 
educational opportunities for health students, based 
on the possibilities arising from AI and AI-related 
technologies. A systematic literature review has 
identified some clusters of interests, which allowed 
to spot the main topics concerning the applications of 
AI in healthcare and the following educational needs.  

The main topics identified are related to 
information technologies, big data and social media, 
e- and telehealth, business and health informatics, 
and ethics and sociology. AI and Industry 4.0-related 
technologies are disrupting in several sectors, 
including healthcare. The role of health professionals 
may change, shifting to a more technical one related 
to the collection, storage, and use of healthcare data 
[45]. Therefore, their education should second the 
new competencies that are  needed by the modern 
clinical ecosystem and its stakeholders. While there 
is a call to integrate clinical skills with those related 
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to information technologies, engineering, and 
business development, ethical concerns arise, leading 
to a different way for clinicians to deal with patients. 
The new scenario calls for new paradigms for health 
higher education, employing modern tools and with 
amended learning outcomes than in the past.  

AI may be useful both as a tool for modern 
education, but also as a goal, allowing healthcare 
professionals to get the right competencies to benefit 
from such new technologies, supporting developers 
and researchers in studying advanced solutions for a 
better-integrated healthcare system. AI applications 
look very promising in several healthcare specialities 
[9], [66], [67], and, although physicians and surgeons 
will not be replaced [67], [68], AI can represent a 
valid decision-making aid [67], supporting medical 
doctors in maximizing their outcomes and reducing 
burnout [69]. Therefore, its inclusion will become 
more and more crucial in medical education.  

AI can enhance education on the go, at any time, 
anywhere (e.g., through mobile or atomic learning), 
using data to improve the educational experience 
(e.g., idle time or commuting time to offer micro-
contents). AI can empower the creation of tailored 
contents: according to interests, weak points, level of 
knowledge, etc., adjusting the contents to the needs 
(smart contents). Last but not least, AI can support 
mentoring, to track students’ progress. 

Medical schools and postgraduate educational 
centres may consider reviewing part of their curricula 
and educational tools, in trying to integrate such 
subjects and competencies.  

 
9. Limitations and Future Research 

 
Like all pieces of research, our study has some 

limitations, which may represent new avenues for 
future investigation. First of all, the literature review 
that generated the potential learning applications and 
needs was conducted without analysing in-depth the 
content of the selected articles. A structured literature 
review [70] may offer new insights into the topic. 
Other inputs may also be provided by other 
publications than peer-reviewed articles, like books, 
or conference proceedings, which are sometimes 
used by scholars to disseminate pioneering ideas and 
share them within the scientific community. An in-
depth analysis of the potential applications to 
enhance the learning process would also be 
recommended. Moreover, AI and Industry 4.0-related 
technologies are developing fast. New applications 
may offer new business processes and innovations, 
leading thus to new educational opportunities and 
needs.  

 
 
 

Acknowledgements 
 

This study was funded by Fundação para a Ciência e 
Tecnologia, Grant: UIDB/00315/2020 

 
References  
 
[1]. Toniolo, K., Masiero, E., Massaro, M., & Bagnoli, C. 

(2020). Sustainable business models and artificial 
intelligence: Opportunities and 
challenges. Knowledge, People, and Digital 
Transformation, 103-117. 

[2]. Wilson, H. J., Daugherty, P., & Bianzino, N. (2017). 
The jobs that artificial intelligence will create. MIT 
Sloan Management Review, 58(4), 14. 

[3]. Tambe, P., Cappelli, P., & Yakubovich, V. (2019). 
Artificial intelligence in human resources 
management: Challenges and a path 
forward. California Management Review, 61(4), 15-
42. 

[4]. Becker, A. (2019). Artificial intelligence in medicine: 
What is it doing for us today?. Health Policy and 
Technology, 8(2), 198-205.  

[5]. Dwivedi, Y. K., Hughes, L., Ismagilova, E., Aarts, G., 
Coombs, C., Crick, T., ... & Williams, M. D. (2019). 
Artificial Intelligence (AI): Multidisciplinary 
perspectives on emerging challenges, opportunities, 
and agenda for research, practice and 
policy. International Journal of Information 
Management, 101994.  

[6]. Briganti, G., & Le Moine, O. (2020). Artificial 
intelligence in medicine: today and 
tomorrow. Frontiers in medicine, 7, 27. 

[7]. Halcox, J. P., Wareham, K., Cardew, A., Gilmore, M., 
Barry, J. P., Phillips, C., & Gravenor, M. B. (2017). 
Assessment of remote heart rhythm sampling using 
the AliveCor heart monitor to screen for atrial 
fibrillation: the REHEARSE-AF 
study. Circulation, 136(19), 1784-1794. 
https://doi.org/10.1161/CIRCULATIONAHA.117.03
0583 

[8]. Delclaux, C. (2019). No need for pulmonologists to 
interpret pulmonary function tests. The European 
Respiratory Journal, 54(1).  

[9]. Mascagni, P., Vardazaryan, A., Alapatt, D., Urade, T., 
Emre, T., Fiorillo, C., ... & Padoy, N. (2020). 
Artificial Intelligence for Surgical Safety: Automatic 
Assessment of the Critical View of Safety in 
Laparoscopic Cholecystectomy Using Deep 
Learning. Annals of Surgery.  

[10]. Lawton, J., Blackburn, M., Allen, J., Campbell, F., 
Elleri, D., Leelarathna, L., ... & Hovorka, R. (2018). 
Patients’ and caregivers’ experiences of using 
continuous glucose monitoring to support diabetes 
self-management: qualitative study. BMC endocrine 
disorders, 18(1), 1-10. 
https://doi.org/10.1186/s12902-018-0239-1 

[11]. McBee, M. P., Awan, O. A., Colucci, A. T., 
Ghobadi, C. W., Kadom, N., Kansagra, A. P., ... & 
Auffermann, W. F. (2018). Deep learning in 
radiology. Academic radiology, 25(11), 1472-1480. 
https://doi.org/10.1016/j.acra.2018.02.018 
 



TEM Journal. Volume 10, Issue 2, Pages 488‐497, ISSN 2217‐8309, DOI: 10.18421/TEM102‐02, May 2021. 

TEM Journal – Volume 10 / Number 2 / 2021.                                                                                                                           495 

[12]. Ichimasa, K., Kudo, S. E., Mori, Y., Misawa, M., 
Matsudaira, S., Kouyama, Y., ... & Miyachi, H. 
(2018). Artificial intelligence may help in predicting 
the need for additional surgery after endoscopic 
resection of T1 colorectal cancer. Endoscopy, 50(03), 
230-240.  

[13]. Dorsey, E. R., Glidden, A. M., Holloway, M. R., 
Birbeck, G. L., & Schwamm, L. H. (2018). 
Teleneurology and mobile technologies: the future of 
neurological care. Nature Reviews Neurology, 14(5), 
285-298.    https://doi.org/10.1038/nrneurol.2018.31 

[14]. Campanella, G., Hanna, M. G., Geneslaw, L., 
Miraflor, A., Silva, V. W. K., Busam, K. J., ... & 
Fuchs, T. J. (2019). Clinical-grade computational 
pathology using weakly supervised deep learning on 
whole slide images. Nature medicine, 25(8), 1301-
1309.    https://doi.org/10.1038/s41591-019-0508-1 

[15]. Liu, X., Faes, L., Kale, A. U., Wagner, S. K., Fu, D. 
J., Bruynseels, A., ... & Denniston, A. K. (2019). A 
comparison of deep learning performance against 
health-care professionals in detecting diseases from 
medical imaging: a systematic review and meta-
analysis. The lancet digital health, 1(6), e271-e297. 
http://dx.doi.org/10.1016/S2589-7500(19)30123-2 

[16]. Wan, J., Yang, J., Wang, Z., & Hua, Q. (2018). 
Artificial intelligence for cloud-assisted smart 
factory. IEEE Access, 6, 55419-55430. 

[17]. IBM. The Digital Hospital Evolution. Creating a 
framework for the healthcare system of the future. 
[Internet]. Somers; 2013.      Retrieved from: 
http://www.himss.eu/sites/himsseu/files/education/wh
itepapers/IBM Digital Hospital Evolution 
GBW03203-USEN-00.pdf 
[accessed: 11 January 2021]. 

[18]. Hamet, P., & Tremblay, J. (2017). Artificial 
intelligence in medicine. Metabolism, 69, S36-S40. 

[19]. Aruni, G., Amit, G., & Dasgupta, P. (2018). New 
surgical robots on the horizon and the potential role of 
artificial intelligence. Investigative and Clinical 
Urology, 59(4), 221-222. 

[20]. Pesqueira, A., Sousa, M. J., Rocha, Á., & Sousa, M. 
(2020, April). Data Science in Pharmaceutical 
Industry. In World Conference on Information 
Systems and Technologies (pp. 144-154). Springer, 
Cham. 

[21]. Wang, P. (2019). On defining artificial 
intelligence. Journal of Artificial General 
Intelligence, 10(2), 1-37. 

[22]. Murdoch, W. J., Singh, C., Kumbier, K., Abbasi-Asl, 
R., & Yu, B. (2019). Definitions, methods, and 
applications in interpretable machine 
learning. Proceedings of the National Academy of 
Sciences, 116(44), 22071-22080. 

[23]. Schmidhuber, J. (2015). Deep learning in neural 
networks: An overview. Neural networks, 61, 85-117.  

[24]. Bird, S., Klein, E., & Loper, E. (2009). Natural 
language processing with Python: analyzing text with 
the natural language toolkit. " O'Reilly Media, Inc.". 

[25]. Pesqueira, A., Sousa, M. J., & Rocha, Á. (2020). Big 
Data Skills Sustainable Development in Healthcare 
and Pharmaceuticals. Journal of Medical 
Systems, 44(11), 1-15. 
 

[26]. Adebanjo, D., Teh, P. L., & Ahmed, P. K. (2018). 
The impact of supply chain relationships and 
integration on innovative capabilities and 
manufacturing performance: the perspective of rapidly 
developing countries. International journal of 
production research, 56(4), 1708-1721. 
https://doi.org/10.1080/00207543.2017.1366083 

[27]. Bagnoli, C., Bravin, A., Massaro, M., & Vignotto, A. 
(2018). Business Model 4.0. Edizioni Ca’Foscari, 
Venezia. 

[28]. Massaro, M., Dal Mas, F., Chiappetta Jabbour, C. J., 
& Bagnoli, C. (2020). Crypto‐economy and new 
sustainable business models: Reflections and 
projections using a case study analysis. Corporate 
Social Responsibility and Environmental 
Management, 27(5), 2150-2160. 

[29]. Dal Mas, F., Dicuonzo, G., Massaro, M., & Dell'Atti, 
V. (2020). Smart contracts to enable sustainable 
business models. A case study. Management 
Decision. 

[30]. Del Giudice, M. (2016). Discovering the Internet of 
Things (IoT) within the business process 
management. Business Process Management 
Journal, 22(2), 263. 

[31]. Laanpere, M., Pata, K., Normak, P., & Põldoja, H. 
(2014). Pedagogy-driven design of digital learning 
ecosystems. Computer Science and Information 
Systems, 11(1), 419-442.  

[32]. Luckin, R. (2018). Machine Learning and Human 
Intelligence: The future of education for the 21st 
century. UCL IOE Press. UCL Institute of Education, 
University of London, 20 Bedford Way, London 
WC1H 0AL. 

[33]. Mayer-Schönberger, V., & Cukier, K. 
(2014). Learning with big data: The future of 
education. houghton mifflin harcourt. 

[34]. Montebello M. AI injected e-learning: The future of 
online education. Berlin: Springer; 2017.  

[35]. Tan, S. (2020). Artificial Intelligence in education: 
Rise of the Machines. Journal of Applied Learning 
and Teaching, 3(1). 

[36]. Sousa, M. J., & de Bem Machado, A. (2020). 
Blockchain Technology Reshaping Education: 
Contributions for Policy. In Blockchain Technology 
Applications in Education (pp. 113-125). IGI Global.  

[37]. WHO. Coronavirus disease (COVID-19) Pandemic 
[Internet]. Health Topics. 2020.      Reteived from: 
 https://www.who.int/emergencies/diseases/novel-
coronavirus-2019   [accessed: 10 January 2021]. 

[38]. Schiff, D. (2020). Out of the laboratory and into the 
classroom: the future of artificial intelligence in 
education. AI & Society, 1-18. Available from: 
https://doi.org/10.1007/s00146-020-01033-8 

[39]. Christensen, G., Steinmetz, A., Alcorn, B., Bennett, 
A., Woods, D., & Emanuel, E. J. (2013). The MOOC 
phenomenon: Who takes massive open online courses 
and why? (University of Pennsylvania Working 
Paper).        Retrieved from: 
http://papers.ssrn.com/sol3/papers.cfm?abstract_id=2
350964.              [aceesed: 15  January 2021]. 

 
 
 



TEM Journal. Volume 10, Issue 2, Pages 488‐497, ISSN 2217‐8309, DOI: 10.18421/TEM102‐02, May 2021. 

496                                                                                                                       TEM Journal – Volume 10 / Number 2 / 2021. 

[40]. Nye, B. D. (2015). Intelligent tutoring systems by 
and for the developing world: A review of trends and 
approaches for educational technology in a global 
context. International Journal of Artificial 
Intelligence in Education, 25(2), 177-203. 
https://doi.org/10.1007/s40593-014-0028-6 

[41]. Cobianchi, L., Dal Mas, F., Peloso, A., Pugliese, L., 
Massaro, M., Bagnoli, C., & Angelos, P. (2020). 
Planning the full recovery phase: an antifragile 
perspective on surgery after COVID-19. Annals of 
Surgery, 272(6), e296. 

[42]. Guan, J. (2019). Artificial intelligence in healthcare 
and medicine: promises, ethical challenges and 
governance. Chinese Medical Sciences Journal, 34(2), 
76-83. 

[43]. Van Eck, N. J., & Waltman, L. (2014). Visualizing 
bibliometric networks. In Measuring scholarly 
impact (pp. 285-320). Springer, Cham. 

[44]. Van Eck, N. J., & Waltman, L. (2010). Software 
survey: VOSviewer, a computer program for 
bibliometric mapping. scientometrics, 84(2), 523-538.  
https://doi.org/10.1007/s11192-009-0146-3 

[45]. Stanfill, M. H., & Marc, D. T. (2019). Health 
Information Management: Implications of Artificial 
Intelligence on Healthcare Data and Information 
Management. Yearbook of Medical 
Informatics, 28(1), 56-64. 

[46]. Chris, D. (2012). Health Information Management 
2025: Current ‘Health IT Revolution’Drastically 
Changes HIM in the Near Future. Journal of 
AHIMA, 83(8), 24-31. 

[47]. Kalager, M., Haldorsen, T., Bretthauer, M., Hoff, G., 
Thoresen, S. O., & Adami, H. O. (2009). Improved 
breast cancer survival following introduction of an 
organized mammography screening program among 
both screened and unscreened women: a population-
based cohort study. Breast Cancer Research, 11(4), 1-
9. 

[48]. Plate, S., Emilsson, L., Söderberg, M., Brandberg, 
Y., & Wärnberg, F. (2018). High experienced 
continuity in breast cancer care is associated with high 
health related quality of life. BMC health services 
research, 18(1), 1-8.  

[49]. Groenier, M., Pieters, J. M., & Miedema, H. A. 
(2017). Technical medicine: designing medical 
technological solutions for improved health 
care. Medical Science Educator, 27(4), 621-631. 

[50]. Albutt, K., Luckhurst, C. M., Alba, G. A., El Hechi, 
M., Mokhtari, A., Breen, K., ... & Kaafarani, H. 
(2020). Design and Impact of a COVID-19 
Multidisciplinary Bundled Procedure Team. Annals of 
Surgery, 272(2), e72-e73. 

[51]. Featherstone, R. M., Leggett, C., Knisley, L., 
Jabbour, M., Klassen, T. P., Scott, S. D., ... & 
Hartling, L. (2018). Creation of an integrated 
knowledge translation process to improve pediatric 
emergency care in Canada. Health 
communication, 33(8), 980-987. 
https://doi.org/10.1080/10410236.2017.1323538 
 
 
 
 

[52]. Nikolian, V. C., Williams, A. M., Jacobs, B. N., 
Kemp, M. T., Wilson, J. K., Mulholland, M. W., & 
Alam, H. B. (2018). Pilot study to evaluate the safety, 
feasibility, and financial implications of a 
postoperative telemedicine program. Annals of 
surgery, 268(4), 700-707. 

[53]. Grenda, T. R., Whang, S., & Evans 3rd, N. R. 
(2020). Transitioning a Surgery Practice to Telehealth 
During COVID-19. Annals of surgery, 272(2), e168-
e169. 

[54]. Reed, M. E., Huang, J., Parikh, R., Millman, A., 
Ballard, D. W., Barr, I., & Wargon, C. (2019). 
Patient–provider video telemedicine integrated with 
clinical care: patient experiences. Annals of internal 
medicine, 171(3), 222-224.  

[55]. Paton, C., & Kobayashi, S. (2019). An Open Science 
Approach to Artificial Intelligence in 
Healthcare. Yearbook of medical informatics, 28(1), 
47-51. 

[56]. Tranfield, D., Denyer, D., & Smart, P. (2003). 
Towards a methodology for developing evidence‐
informed management knowledge by means of 
systematic review. British journal of 
management, 14(3), 207-222. 

[57]. Ardito, L., & Petruzzelli, A. M. (2017). Breadth of 
external knowledge sourcing and product innovation: 
the moderating role of strategic human resource 
practices. European Management Journal, 35(2), 261-
272. 

[58]. Secundo, G., Toma, A., Schiuma, G. and Passiante, 
G. (2019), “Knowledge transfer in open innovation: a 
classification framework for healthcare 
ecosystems”, Business Process Management Journal, 
25(1), 144-163.  

[59]. Osei-Frimpong, K., Wilson, A., & Lemke, F. (2018). 
Patient co-creation activities in healthcare service 
delivery at the micro level: The influence of online 
access to healthcare information. Technological 
Forecasting and Social Change, 126, 14-27. 

[60]. Dahl, A. J., Milne, G. R., & Peltier, J. W. (2019). 
Digital health information seeking in an omni-channel 
environment: A shared decision-making and service-
dominant logic perspective. Journal of Business 
Research. pp. 1-11 

[61]. Attaran, M. (2017). The Internet of Things: Limitless 
Opportunities for Business and Society. Journal of 
Strategic Innovation and Sustainability, 12(1), 10-29. 

[62]. Voss, W. G., & Houser, K. A. (2019). Personal data 
and the GDPR: providing a competitive advantage for 
US companies. American Business Law 
Journal, 56(2), 287-344. 

[63]. Agrawal, A., Gans, J., & Goldfarb, A. (2019). 
Economic policy for artificial intelligence. Innovation 
Policy and the Economy, 19(1), 139-159. 
 https://doi.org/10.1086/699935 

[64]. Bhave, D. P., Teo, L. H., & Dalal, R. S. (2020). 
Privacy at work: A review and a research agenda for a 
contested terrain. Journal of Management, 46(1), 127-
164. 

 
 
 
 



TEM Journal. Volume 10, Issue 2, Pages 488‐497, ISSN 2217‐8309, DOI: 10.18421/TEM102‐02, May 2021. 

TEM Journal – Volume 10 / Number 2 / 2021.                                                                                                                           497 

[65]. Angelos, P. (2020). Interventions to improve 
informed consent: perhaps surgeons should speak less 
and listen more. JAMA surgery, 155(1), 13-14. 

[66]. Thompson, R. F., Valdes, G., Fuller, C. D., 
Carpenter, C. M., Morin, O., Aneja, S., ... & Thomas 
Jr, C. R. (2018). Artificial intelligence in radiation 
oncology: a specialty-wide disruptive 
transformation?. Radiotherapy and Oncology, 129(3), 
421-426.  
https://doi.org/10.1016/j.radonc.2018.05.030 

[67]. Loftus, T. J., Tighe, P. J., Filiberto, A. C., Efron, P. 
A., Brakenridge, S. C., Mohr, A. M., ... & Bihorac, A. 
(2020). Artificial intelligence and surgical decision-
making. JAMA surgery, 155(2), 148-158. 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

[68]. Kose, E., Ozturk, N. N., & Karahan, S. R. (2018). 
Artificial intelligence in surgery. Eur Arch Med 
Res, 34(Suppl 1), 4-6. 

[69]. Meskó, B., Hetényi, G., & Győrffy, Z. (2018). Will 
artificial intelligence solve the human resource crisis 
in healthcare?. BMC health services research, 18(1), 
1-4.  

[70]. Massaro, M., Dumay, J., & Guthrie, J. (2016). On 
the shoulders of giants: undertaking a structured 
literature review in accounting. Accounting, Auditing 
& Accountability Journal, 29(5), 767-801. 

 
 


